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Fully Connect Feedforward
Network
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https://youtu.be/Dr-WRIEFefw < > bl "' 352 5 * =

ML Lecture 6: Brief Introduction of Deep Learning
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Source of image: https://wiki.52poke.com/wiki/%E4%B8%BB%E9%A1%B5
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Comparison between
different parameters

Backpropagation — Backward Pass

Compute 9C /0z for all activation function inputs z
Compute dC /dz from the output layer
ac x 13

ML Lecture 3-1: Gradient Descent ML Lecture 7: Backpropagation

https://youtu.be/yKKNr-QKz2Q, https://youtu.be/ibJpTrp5mcE
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[[Deep Learning](CNN, Transformer ... ), Decision Tree, etc.]
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Supervised Learning, Semi-supervised Learning, etc.]
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[ Gradient Descent (Adam, AdamW ... ), Genetic Algorithm, etc.]
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[ Supervised Learning, Semi-supervised Learning, RL, etc.]
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[Deep Learning (CNN, Transformer ... ), Decision Tree, etc.]
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[Deep Learning (CNN, Transformer ... ), Decision Tree, etc.]
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[Deep Learning (CNN, Transformer ... ), Decision Tree, etc.]

Fully-connected

https://youtu.be/OP5HcXJg2Aw

Benefit of Convolutional Layer

Fully Connected Layer ——— Jack of all trades,
master of none

Receptive Field

Parameter Sharing

o
Convolutional Layer ————  Larger model bias

(for image)

* Some patterns are much smaller than the whole image.

TITe"sa'm_e_pa"'E,'rns appear in dnfferent reg ions..

[ #222282021] EFHEHE (Convolutional Neural
Networks, CNN)
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[Deep Learning (CNN, Transformer ... ), Decision Tree, etc.]

Self-attestion

Self-attention v.s. CNN o

Mufti-Head Self-Attention Layer

Self-attention

https://youtu.be/gmsMY5kc-zw

[ #222222021] B3EE NH#EE (Self-attention) (F)
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Residual Connection

Batch Normalization
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Cross-entropy loss ,



A

my [
ZE1BEM  FIHEERTNNES

[Deep Learning (CNN, Transformer ... ), Decision Tree, etc.]
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[ Supervised Learning, Semi-supervised Learning, RL, etc.]
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[ Gradient Descent (Adam, AdamW ... ), Genetic Algorithm, etc.]
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